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1. INTRODUCTION

1.1. Background

Technology breakthroughs and a growing focus on data-driven
decision-making have caused a fast transition in the banking
sector in recent years. Banks are using data analytics to obtain a
competitive edge, improve operational efficiency, and customise
client experiences as competition heats up and consumer
expectations change. However, even with the increasing use
of data analytics, its effectiveness and use in actual business
contexts still need to assessment.

In recent years, data analytics has become a fascinating area
of productivity and opportunity that is posing a growing
challenge to businesses. According to Barton and Court (2012)
and Davenport and Harris (2009), data analytics capabilities are
likely to revolutionise how businesses conduct their operations.
Technology breakthroughs and shifting consumer habits are
causing major changes in the banking sector in Lusaka, as well
as in many other countries. In this regard, data analytics may
present banks with opportunities to improve client experiences,
boost operational effectiveness, and successfully manage risks.
Additionally, it seems that many businesses are still learning
the necessary technologies and skills, how to produce value
from data analytics, and how to perform business management
using data analytics efficiently, Barton and Court, (2012).

This will provide executives and managers with empirical
insights on the effectiveness and usage of data analytics and
help them assess whether the investment in data analytics is
worthwhile.

1.2. Statement of the problem

The Analysing the effectiveness and usage of data analytics
in the banking industry in Lusaka has not been thoroughly
examined. While there is a growing recognition of the
importance of data analytics, there is limited empirical evidence
on its actual impact on business management practices within
this context (Ekinci, 2015). Designing research questionnaires
for business and management students. Sage.

1.3. Objectives
General Objective
To analyse the effectiveness and usage data analytics in
business management of the banking industry in Lusaka.
Specific Objectives

i. Assess the effectiveness of data analytics in customer
segmentation.

ii. Analyse the effectiveness of data analytics in facilitating
business intelligence.

iii. Ascertain the effectiveness of data analysis in risk
management in the Banking sector.

iv. Effectiveness of data analytics in Business forecasting and
identifying economic trends.

1.4. Conceptual framework

Figure 1 shows the conceptual framework that the study
employed as the study was conducted to understand the
effectiveness of data analytics in customer segmentation,
business intelligence, risk management as well as business
forecasting and economic trends.

Figure 1. Authors' concept (2024), conceptual framework

2. LITERATURE REVIEW

The effectiveness of data analytics in customer Segmentation
The research by Wedel and Kamakura (2012) explored the
Effective segmentation that allows banks to tailor their products
and services to meet the specific needs of different customer
groups (Wedel & Kamakura, 2012). A mixed method research
was used. Further research shows that data analytics enhances
segmentation by enabling more precise and actionable insights,
leading to improved customer satisfaction and retention (Chen
et al.,, 2012).

Effective customer segmentation using data analytics helps
banks personalize marketing strategies, improve customer
retention, and increase profitability (Johnson et al, 2018).
According to Bankseta (2017) “Using big data and machine
learning can help banks to perform deeper and broader
segmentation of its client base”. Therefore, this segmentation
can help the banks to design and tailor targeted marketing
programs, create loyalty programs based on card usage habits,
optimize pricing strategy; and Build relationships with valuable
customers.

According to research studies by yellowfin (2011), banks may
improve customer satisfaction by using business intelligence
(BI) to assess consumer transaction histories and habits and
customise services. A study carried out in the United States, for
example, showed that tailored marketing strategies based on
customer data greatly increased retention rates. The study used
a sample of 300 banks and structured questionnaires to gather
responses from bank executives regarding their BI practices
(Fintrak, 2023; Yellowfin, 2011).

2.1. The effectiveness of data analysis in risk management
in the Banking sector

Risk management in banking involves identifying, assessing,
and mitigating financial risks. Data analytics can enhance
risk management by providing predictive insights and early
warnings of potential risks (Crouhy et al, 2006). risks early,
assessing creditworthiness, and improving fraud detection
mechanisms (Brown & White, 2021).

In a groundbreaking 2019 study, KPMG examined how data
analytics affected risk assessment in 150 European banks. Using
a mixed-methods approach, the study combined qualitative
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interviews with quantitative surveys. The results showed that
banks might reduce default rates by 15% by using advanced
analytics to better correctly detect credit concerns. The
sample size relied on questionnaires to assess the efficacy of
analytics tools across different banks and included replies from
executives and risk managers from a variety of institutions,
offering a thorough picture of current practices (KPMG, 2019).

2.2.Effectiveness of data analytics in Business forecasting
and identifying economic trends

This research discovered that a study by McKinsey, which
used structured questionnaires focussing on the utilisation
of predictive analytics tools and their impact on forecasting
accuracy, found that organisations using Al-driven predictive
models may minimise forecasting errors by up to 50%, resulting
in a decrease of sixty-five percent in lost sales and inventory
shortages (McKinsey & Company, 2018). Predictive analytics
has become a powerful tool for forecasting future trends.
Business forecasting involves predicting future trends based on
historical data and statistical models. Data analytics improves
forecasting accuracy by utilizing advanced algorithms
and machine learning techniques to analyse large datasets
(Makridakis et al., 2018).

3. METHODOLOGY

This study employed a mixed-method approach, combining
quantitative analysis of economic data with qualitative insights
from interviews and surveys. The quantitative analysis involved
examining data trends in the banking industry using statistical
tools such as regression analysis and time series modelling.
The respondents composed of Finance officers, Operations
officers, Marketing officers, IT officers, Data clerks’ officers,
Economists and Bankers, including employees who are familiar
with the company’s business management practices.

The research site involved 10 commercial banks in Lusaka,
Zambia. Participants were randomly selected from these
commercial banks to participate in this research study. The
study sample included general managers, I'T specialists, analyst,
executives, risk managers, risk analyst, business intelligence
(BI) analysts and data engineers among others.

In this research, both qualitative and quantitative data will be
collected as the researcher has adopted a mixed quantitative
and qualitative research. Primary and secondary data may
complement each other in order to have a complete or clear
understanding of a local situation.

Some scholars have criticised the use of mixed method
approach. For example, Creswell (2013), described the use
of mixed method approach as it is time consuming. While
Sarantakos (2013) observed that mixed method is difficult to
replicate, and therefore advised that it is not more valuable
than single method procedure, which can be more suitable,
useful and meaningful to answer certain questions such as
the focus of business management and the Analysing the data
usage banking in Lusaka.

4. RESULTS AND DISCUSSION
4.1. Presentation of research findings
This graph below shows participation of workers from different

Figure 1. Participants

banks in the study carried out in Lusaka, as summarized,;

The results presented in the figure reveal that the majority of
respondents in this sample are males making 60% while 40% are
females of the total respondents.

4.1.1. Assessment of Data Analytics in Customer
Segmentation (Objective 1)

Table 1. Assessment of Data analysis on customer activity

Assess customer activity Percentage
Most effective 61.82%,
Moderate effective 25.45%
Effective 12.73%

The Table above shows that the majority, 61.82%, assessed
customer activity most effective, while 25.45% most effective
and effective at 12.73% of banks use data analytics tools.
According to this distribution, these banks most frequently
analyse client insights through monitoring.

4.2. Metrics being used for segmentation
The graph in Fig 2 shows the survey's findings of how banks
categorise their clientele using a range of indicators;

Figure 2. Metrics being used for segmentation

4.2.2.Effectiveness of data analyticsin customer segmentation
According to the study's findings, commercial banks have a
very favourable opinion of how well data analytics work for
client segmentation.
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Figure 3. Effectiveness of data analytics in customer
segmentation

The fact that none of the participants gave data analytics the
ratings of "Not effective,” "Slightly effective,’ or "Moderately
effective” indicates that everyone agrees that it is important
for consumer segmentation procedures. Rather, 69.09% of
participants ranked data analytics as Very effective, while
30.91% of respondents assessed it as Effective. The majority
of banks believe data analytics to be very useful for precisely
identifying and classifying client groups, which results in more
specialised and effective marketing, product development, and
service strategies. This distribution demonstrates the significant
influence that data analytics has on customer segmentation.

4.3.2. Effectiveness of using data analytics for Customer
Segmentation

The survey's findings point to effectiveness of commercial
banks' use of data analytics for client segmentation. 23.64%
of respondents acknowledged the importance of informed
decision making in assisting banks in making data-driven
decisions that are suited to the demands of their clients, making
it the most notable benefit. At 14.55%, improved customer
experience came next, highlighting how data analytics can be
used to tailor interactions and raise satisfaction as discovered.

4.3.3. Customer Value Indicators in customer segmentation
The study's findings, which are displayed in figure below,

Figure 4. Customer value indicator

At 27.27%, customer satisfaction (CSAT) was the most
emphasised measure, suggesting that banks place a high priority
on gauging customer satisfaction with their offerings, since
this has a direct impact on long-term engagement and loyalty.
The significance of comprehending the cost-effectiveness of
acquiring new customers in proportion to their potential worth
is demonstrated by the fact that 23.64% of participants deemed
Customer Acquisition Cost (CAC) to be relevant.

With a customer churn rate of 20.00%, banks can determine
how many customers are departing and where their customer
retention tactics need to be improved. Since it shows the
bank's capacity to keep up ties with current clients, which
is frequently more economical than finding new ones, the
customer retention rate (16.36%) is also regularly tracked.
Finally, the Net Promoter Score (NPS), which stands at 12.73%,
is a metric used to gauge client loyalty and the chance that they
will refer the bank's services to others. Taken together, these
measures give banks a comprehensive picture of client value,
directing focused initiatives to raise customer happiness, lower
attrition, and maximise efforts to attract and retain customers.

4.4. Extent of data analytics to influence bank’s customer
segmentation strategies

Figure 5. Influence of data analytics on customer segmentation

The results of the study show that banks' customer segmentation
tactics are significantly impacted by data analytics. In forming
these strategies, the vast majority of respondents (92.73%)
believe that data analytics is either very influential (61.82%)
or highly influential (30.91%). This suggests that banks use
data analytics extensively to improve their comprehension of
the requirements and habits of their customers, which makes
segmentation more successful. Just 7.27% of respondents say
it has a considerable amount of influence, while none say it
has little to no influence. These findings highlight how crucial
data analytics is to improving client segmentation, which in
turn supports focused marketing campaigns and personalised
financial services.

4.4.1. Effectiveness of data analytics in improving
customer segmentation

The figure below shows the results of the effectiveness of data
analysis in improving customer segmentation.
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Figure 6. Effectiveness of data analytics in improving customer
segmentation

According to the survey findings displayed in the figure 4.10.
In this sense, a sizable majority of respondents (94.54%) believe
that data analytics are either very effective (38.18%) or highly
effective (56.36%). This demonstrates a strong understanding of
the benefits that data analytics offers to the process of locating
and classifying clients according to their demographics,
interests, and behaviours. The results highlight how important
data analytics is in helping businesses customise their marketing
strategies and enhance customer engagement through accurate
segmentation, as only 5.45% of respondents thought it was
moderately effective and none thought it was slightly or not
effective at all.

Figure 7. Effectiveness of data analytics in improving customer
segmentation

4.5. Effectiveness of data analytics in facilitating Business
Intelligence (Objective 2)

4.5.1. How data analytics inform business decisions

The second objective of this study was to analyse the
effectiveness of data analytics in facilitating business
intelligence.

In this study it was clear that the majority decision obtained
was, Very Influential (50%) and Moderately Influential (20%) as
shown below (Figure 9).

Figure 8. Effectiveness of Data Analytics in Facilitating
Business Intelligence percentage

Figure 9. Business intelligence KPIs

It was found that the responses on the business Intelligence
KPIs were obtained as; KPIs tracked: Revenue growth (80%),
Customer acquisition (70%), Operational efficiency (60%) as
shown in the bar chart below.

The use of analytics tools helps banks to model and forecast
risk scenarios, leading to more informed and proactive risk
management strategies (Gordy & Heitfield, 2006). Data analytics
enhances risk management in banking by identifying potential

4.5.2. Effectiveness of data analysis in Risk Management
(Objective 3)

Risk monitoring: The types of risks that Lusaka's
commercial banks keep a careful eye on are shown in Figure
below;

Figure 10. Risks being monitored
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along with the percentages that correspond to each. According
to the study, asset risk is the most important factor, accounting
for 35.19%. This suggests that banks are most worried about
the potential for assets to fluctuate or lose value, which might
have an effect on financial stability. At 25.93%, credit risk comes
next, highlighting how crucial it is to keep an eye out for
borrower defaults and make sure that loans are repaid in order
to preserve profitability. At 14.81%, financial risk and bond risk
receive similar attention, indicating that banks are wary of
risks associated with the market and bonds, such as shifts in
interest rates or credit downgrades. The last risk type with the
least focus, operational risk, is 9.26%. This means that although
operational problems and internal failures are tracked, they are
not as important as other risk categories. All things considered,
banks give priority to credit and asset risks, although financial,
bond, and operational risks all play significant roles in their
risk management strategies.

4.5.3. Where banks apply Credit Risk Indicators
Commercial banks utilise a variety of credit risk indicators as
shown in Figure 4.5.2, to evaluate and control their exposure to
credit risk.

Figure 11. Credit risk indicator

According to the study, the bank's loan portfolio quality is
reflected in the Non-Performing Loans (NPL) ratio, which
stands at 16.36% and represents the percentage of loans that are
in default or nearly so. The Provisioning Coverage Ratio (PCR)
and Loan Loss Reserve (LLR) to Total Loans, both of which was
selected by 9.09% of the respondents, represent the money set
aside to cover any loan losses, which helps to protect the bank
from defaults. The Credit Risk Weighted Assets (CRWA) to
Total Assets ratio of 10.91% shows the degree of risk associated
with the bank’s asset holdings, adjusted for credit risk. The
bank's risk assessment procedures are informed by the Default
Probability (PD), which calculates the probability of borrower
default at 12.73%. With a rate of 23.64%, Loss Given Default
(LGD) calculates the possible loss in the event of a default
following recovery and offers information about the anticipated
financial effect. Finally, the total amount the bank might lose
in the event of a borrower failure is shown by Exposure at
failure (EAD), which is 18.18%. When taken as a whole, these
indicators assist Lusaka banks in tracking, reducing, and being
ready for any credit risks.

4.54. Where Operational Risk Indicators can be
effectively monitored

The results in figure 12 highlight respondents’ views on where
operational risk indicators can be effectively monitored within

a banking environment.

Figure 12. Operational risk indicators

Operational Loss Frequency (OLF) is considered the most
critical, with 20.97%, indicating a strong focus on tracking
the frequency of operational losses to identify patterns and
improve risk management. Internal Control Effectiveness
follows at 17.74%, emphasizing the importance of robust
internal controls in mitigating operational risk. Both Business
Continuity Management (BCM) effectiveness and Incident
Reporting Frequency are rated at 16.13%, reflecting the need
for effective continuity plans and comprehensive incident
tracking to manage operational disruptions. Operational Risk
Capital Requirement (ORCR) at 9.68% indicates that capital
allocations should be monitored to cover prospective losses,
while Operational Loss Severity (OLS) at 11.29% indicates that
attention should be paid to the financial effect of losses. Lastly,
the lowest rating of 8.06% goes to Compliance with Regulatory
Requirements, suggesting that although regulatory compliance
is crucial, respondents could consider other indicators to be
more accurate gauges of operational risk in their organisations.
According to the replies, banks should give internal controls,
loss frequency, and continuity planning top priority in order to
efficiently monitor and reduce operational risks.

4.6. Risk Management Tools used

The findings, which are displayed in figure 4.4.11 below, shed
light on the risk management tools that Lusaka's commercial
banks employ. According to the research, 25.45% of respondents
said they depend on Risk Management Information Systems
(RMIS) to centralise and simplify risk data, making them the
most extensively utilised. At 23.64%, Risk Analytics Software
comes in second, underscoring the banks' emphasis on
applying analytics to comprehend and reduce risks. With
20% of respondents using Governance, Risk, and Compliance
(GRC) platforms, these platforms are also widely utilised and
demonstrate a focus on integrated governance and compliance
frameworks. 16.36% of respondents said they utilise scenario
planning tools, which help banks anticipate and get ready
for certain risk situations. Finally, 14.55% use stress testing
tools, suggesting some attention to assessing resilience under
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challenging circumstances.

4.6.2. Risk Management Techniques utilized

The risk management strategies employed by Lusaka's
commercial banks are depicted in Figure 12. According to the
report, the most often used strategies for actively managing
and continually monitoring risks inside banks are risk
mitigation and control and risk monitoring and review, with
20.37% of respondents utilizing each. 16.67% of respondents
use risk diversification, demonstrating a desire to distribute
risks among several assets or industries. While 12.96% reported
using Risk Transfer and Hedging, which reflects attempts to
control risk exposure through mechanisms like insurance and
financial hedging, 14.81% reported using Risk-Based Audit and
Compliance, emphasizing the significance of audits matched
with identified risk factors. 11.11% of banks use risk assessment
and prioritization, suggesting that certain banks place a high
priority on identifying and classifying risks according to their
possible impact. Finally, just 3.70% of respondents reported
using stress testing and scenario planning, indicating that this
method is not widely utilised to evaluate resilience in fictitious
unfavourable circumstances. These answers show that in order
to properly manage risk, Lusaka's commercial banks place a
high priority on active monitoring and varied approaches.

Figure 13. Effectiveness of using data analytics for risk
management

Figure above illustrates the perceived benefits of employing data
analytics for risk management based on survey responses from
respondents working at Lusaka's commercial banks. Reduced
Risk Exposure was the advantage that respondents scored the
highest, with 38.18% acknowledging the importance of data
analytics in detecting and reducing possible hazards, therefore
shielding the company from a range of exposures. 21.82% of
respondents mentioned enhanced security, emphasizing data
analytics' capacity to identify and lessen security risks and
guarantee the protection of private data and vital systems.
With 16.36% of the respondents recognising that data analytics
facilitates adherence to regulatory standards by enabling
real-time monitoring and discovery of compliance concerns,
improved compliance came next.

10.91% of participants saw the value of Cost Savings and
Increased ROI, viewing data analytics as a tool that improves
resource allocation, lowers operational inefficiencies, and

eventually leads to financial gain. 7.27% of respondents
mentioned improved fraud detection and prevention,
highlighting the importance of analytics in spotting
questionable trends and stopping fraudulent activity. Last
but not least, Improved Customer and Market Insights scored
5.45%, indicating its importance in comprehending consumer
behavior and market trends, which aids in reputation risk
management and improves strategic planning.

Figure 14. Effectiveness of using data analytics for risk management

4.7. Effectiveness of data analytics in Business forecasting
and identification of economic trends (Objective 4)

4.7.1. Forecasting methods used by Lusaka commercial banks
As seen in Figure 4.5.1, the responses from respondents from
Lusaka's commercial banks on the forecasting techniques
they use reflect a variety of approaches to data analysis and
forecasting. According to 30.91% of respondents, time series
analysis is the most often employed technique. This implies that
a sizable percentage of banks base their predictions of future
trends on patterns seen in previous data. At 25.45%, regression
analysis comes in second, underscoring its significance in
forecasting correlations between variables like consumer
behaviour or market dynamics.

Fewer banks utilise more sophisticated methods like machine
learning (7.27%) and cluster analysis (5.45%), which are
probably used for more intricate or forecasting tasks like client
segmentation or forecasting changes in the market. Some
banks are using social media or consumer sentiment data into
their forecasting models, according to sentiment analysis,
which is likewise at 5.45%. 10.91% of respondents use Bayesian
inference, indicating a preference for probabilistic models that
enable estimates to be updated in response to new evidence.
Lastly, the 14.55% ANOVA (Analysis of Variance) indicates
that certain banks are concentrating on comprehending the
variations in different aspects that might affect their forecasting
models. These findings demonstrate the banks' diverse
forecasting strategies, which, depending on the complexity of
their forecasting requirements, use both more contemporary
and conventional statistical methodologies.

4.7.2. Accuracy of forecasts when data analytics is used

Respondents from Lusaka's commercial banks evaluated their
forecasting models favourably overall depending on how
accurate their data analytics estimates were. The fact that
59.26% of respondents stated that their forecasts are mostly
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accurate shows that they are confident in the precision of their
forecasting methods. Additionally, 14.81% of respondents rated
their estimations as Very Accurate, indicating that a smaller
but still significant portion of banks think their projections
are fairly accurate. Nonetheless, 25.93% of respondents rated
their forecasts as Moderately Accurate, suggesting room for
improvement in the forecasting process or some degree of
uncertainty. Banks generally believe their data-driven estimates,
and few have any doubts about their correctness, as seen by
the surprising fact that none of the respondents thought their
forecasts were Not Accurate or Somewhat Accurate.

Figure 16. Commercial Banks frequency for reviewing and
updating forecasting models

According to the findings from Lusaka's commercial banks
on how frequently they examine and update their forecasting
models, as seen in Figure 4.6.4, monthly updates are the most
popular, with 47.27% of respondents choosing this schedule. This
implies that many banks choose a modest update frequency,
which probably strikes a balance between the resources needed
for model improvements and the requirement for new data.

Figure 14 also shows a significant proportion of respondents
(30.91%) stated that they reviewed and updated their models
once a week, demonstrating a dedication to making more
regular revisions to maintain the highest level of accuracy
in their projections. Just 16.36% of respondents update their
models every three months, compared to 5.45% who change
them every day. Even if they are less frequent, the daily updates
raise the possibility that some institutions are depending on
extremely dynamic forecasting models that need to be adjusted
often. Overall, the data shows a tendency towards monthly
updates, while there may be some variance depending on each
bank's unique forecasting requirements and available resources.

4.7.3. The extent to which data analytics inform
commercial banks business decisions

The findings from Lusaka's commercial banks, displayed in
Figure 15, demonstrate how important data analytics are in
guiding business decisions. The vast majority of respondents
(69.09%) said that data analytics have significant effects on
their business choices, indicating that their strategic processes
heavily rely on data-driven insights. The importance of data
analytics in the sector is demonstrated by the additional 29.09%

of respondents who stated that it significantly influences their
decision-making. Notably, none of the respondents chose Not at
All or Slightly, and just 1.82% of respondents ranked the impact
as Moderate. With the great majority of commercial banks in
Lusaka perceiving a high degree of impact, this distribution
shows a broad consensus that data analytics are crucial for
directing business choices.

Figure 15. Extent of data analytics in informing commercial
banks business decisions

4.8.1. Commercial banks satisfaction with current
forecasting methods

According to the data presented respondents who worked for
Lusaka's commercial banks expressed a generally good opinion
of the forecasting techniques currently in use. 58.18% of
respondents said they were Very Satisfied with their predicting
techniques, compared to 32.73% who said they were Satisfied.
Merely 9.09% of participants had a neutral sentiment, meaning
they were neither satisfied nor dissatisfied. It is interesting
to note that because the Very Dissatisfied and Dissatisfied
categories reported 0.00%, none of the respondents expressed
discontent Bany Mohammad et al, (2022). Business intelligence.
This indicates that most respondents had a positive opinion
of the banks' forecasting techniques, indicating that they are
generally well-regarded.

4.8.2. Economic Trend Identification

Effectiveness of data analytics in identifying economic trends
The fourth and final objective for this study was to assess
the effectiveness of data analytics in Business forecasting
and identifying economic trends and the results presented as
follows.

Effectiveness of Data Analytics in Business Forecasting and
Identification of Economic Trends results obtained showed
that in Forecasting methods, Time series analysis had 60%,
Regression analysis had 50% and Machine learning was 40% as
represented below;

While results obtained in Forecast accuracy showed that
Very Accurate rated at 40%, while Accurate rated at 30% and
Moderately Accurate at 30% as showed below;

Results obtained under Economic indicators tracked showed
that GDP was at 80% while Inflation ranked 70% and Interest
rate at 60% tracked as tabulated.
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4.9. Discussion of research findings

Data analytics is widely used in the banking industry, with 80%
of respondents using Excel and 40% using Python.

Data analytics is effective in customer segmentation, with
70% of respondents finding it Very Effective or Effective. This
implies that data analytics greatly improves banks' capacity to
efficiently segment their clientele, enabling more specialised
services and higher levels of customer satisfaction.

This conclusion is consistent with research by Davenport (2009)
that discovered that two of the most effective methods for
enhancing organisational decision-making are data analytics
and decision automation. Additionally, the findings support
a study by Hung et al (2020) that revealed data analytics is
utilised to optimise internal operations and enhance existing
goods or services. should be used cautiously, nevertheless,
since Gupta and George (2016) found that a corporation does
not necessarily realise benefit from the use of data analytics if it
only adopts information technology (IT) and accumulates data.
Data analytics informs business decisions, with 50% of
respondents finding it Very Influential. A well-educated
workforce is essential for effectively leveraging data analytics
tools, as evidenced by the findings of this study, which aimed
to analyse the Analysing the data analytics in business
management within the banking sector in Lusaka.

Risk management is a key application of data analytics, with
80% of respondents monitoring credit risk. Although just 5.6%
of respondents had a risk management function, the results
also indicate that there is room to improve the application of
data analytics in this crucial field. Increasing the emphasis on
data-driven insights might enhance decision-making processes
pertaining to risk assessment and mitigation techniques, as risk
management is crucial for preserving financial stability and
compliance inside institutions. This supports the results of Lee
(2017), who found that the use and utility of data analytics have
shown to be crucial, particularly with regard to fraud detection,
risk management performance, and marketing enhancement in
commercial banks

The under-representation of risk management specialists,
however, suggests a possible knowledge vacuum that may be
filled by focused training and development initiatives meant to
incorporate data analytics into risk management procedures.
Business forecasting and economic trend identification are
critical applications of data analytics, with 60% of respondents
using time series analysis.

According to the survey, data analytics is essential for business
forecasting and spotting economic trends in the banking
industry. The mix of highly qualified personnel with extensive
educational backgrounds supports the efficient use of analytical
techniques for forecasting market changes and consumer
behaviour patterns.

This feature enables banks to proactively modify their plans
in response to expected shifts in the economy. This result is
in line with the findings of, who found that data analytics is
essential for developing and visualising a number of indicators
of the inefficiency of numerous internal and external processes,
as well as the study conducted by Al-Dmour et al. (2023), which
found that the use of data analytics improves bank performance.
The outcomes also supported the conclusions of Johnson et al.

(2018), who found that banks may use data analytics to enhance
client retention, boost profitability, and personalise marketing
campaigns.

Figure 40.27. Effectiveness of Data analytics

5. CONCLUSION

Notably, data analytics will help banks better effectiveness to
segment their clientele and provide specialised services that
increase client retention and satisfaction. It is also significant of
the use of data analytics in promoting individualised banking
experiences is demonstrated by the substantial connections
found between its use and effective segmentation.

Workers with higher educational backgrounds demonstrate a
better comprehension of business intelligence and the strategic
advantages of data analytics. Further underscoring the need
to develop a workforce in the banking industry that is both
educated and analytically strong. Long-term corporate success
is facilitated by their ability to use data-driven insights to make
better decisions.

The study also highlights how important data analytics are for
predicting and tracking economic trends, which helps banks
foresee shifts in the market and modify their plans appropriately
towards better performance of the banks. In addition to giving
the bank a competitive edge, this forecasting skill increases the
bank's resilience in a financial climate that is changing quickly.
Overall, professional experience and educational background
have a significant impact on how effectively data analytics work
in banking management. This suggests that harnessing the
promise of data-driven insights requires ongoing investment in
staff members' data-driven insights. The potential for enhanced
strategic planning and operational efficiency increases as banks
continue to incorporate analytics more thoroughly into their
operations.
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